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Abstract

With the advancement of technology, social networks are considered a new source of
news. The existence of unreliable news in these networks will have adverse effects on
the society. In this research, we intend to propose a model based on deep learning to
detect the authenticity of Persian news in the Telegram social network in order to detect
fake news and deal with their spread. Also, due to the lack of a suitable dataset for the
Persian language, we have collected the "Tat" dataset, which includes 1081 fake news
and 1081 news labeled "non-fake" in different news fields. This news has been collected
from 38 Telegram channels. Our proposed model tries to identify Persian news published
in Telegram by using convolutional neural network. This model uses the text of the news
published in Telegram along with the channel ID of the news sender as the network input.
The results of the tests show that the proposed model has achieved 90.46% accuracy.
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